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e (Collectives, Dilemmas and Extortion Rackets
e A little model of Mafiosi and Fakers
* (Collective responses to individualist problems

e Conclusions and future work




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor



GLSDERS

Collectives (and their Tragedies) gioee pynomicsor




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor

-
i

pd

LICENSING®




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor

Public

2 ) B
{ 4

(Goods Public Services

-
i

LICE

pd

SING®




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor

Public Goods Public Services

r .
."’ ~




GLSDERS

Collectives (and their Tragedies) gioee pynomicsor
Everywhere

Y ! ' s\ > ', "

(e L )

‘ e .
- ’ \

‘b - « » .'
L% | & .
Y \‘_- . "2
»
s -

s& — Public Services




| GLSDERS
Extortion Rackets O S s

e Extortion is the demand for money on threat of punishment

e Extortion is practiced mostly by criminal organisations, Mafia
type organisations

e Extortion usually involves a long term relationship between
perpetrator and victim

e The decision matrix of extortion reads like a PD
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Extortion Rackets

80% of shops in Sicily pay the Pizzo
ltalian Mafia is ltaly’s biggest business with £116bn (7% of GDP)
Extortion racketeering exists on all 6 continents

Extortion rackets go global (Russian Mafia, Chinese Mafia,
ltalian Mafia)
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| The world's most notorioas
arms dealer, Bout is widely
known as the “Merchant of

r- Death”; he served as inspira-
tion for the title character in

Andrew Niccol'’s 2005 film, Lord of War

Fluent in Russian, French, Spanish,
Arabic, English, and near-fluent in
Partuguese, German, Farsi, Urdu,
Xhosa, and Zulo

Accumulated, over 17 vears, 2 private
air foree as large as that of many NATO
COuUntries
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ferry supplies 10 Anserican forces in lrag

Maribor, SLOVENIA

LIBERIA

7‘3‘

abdaction,

Maoscow,
RUSSIA

©
B

Kabul,

Bargas,
" AULGARIA
BOSNIA E -

, -
od .

Kandahar,
AFGHANISTAN

Baghdad,
TRAQ

APGHANISTAN

|
L

(o

r’,

TAJIXISTAN
Sharjah,

UALE,

..
»
g
Kisangani,

DEM. REP.
OF CONGO

Kigall, RWANDA

ANGOLA Lake Tanganyika

! One of West Africa’s most bloodthirsty war-
lords, Tavior in 2009 is scheduled 1o defend
himself from charges of killings, mutilations,
rape, other forms of sexual violence, sexua
slavery, recruiting and asing child soldiers,
and using forced labor, at the Special Court for

Sierra Leone in The Hague, Netherlands

! Doped his legions of child soldiers, called “Small Boy

Units,” with insufflated cocktails of cocaine, gunpovwder

and amphetamines before attacks

1 Sold Al Queda $20 million in diamonds in 1998.
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RUSSIAN MOB

After the fall of the Soviet
37e1 Union in 2991, the Russian mob
" Nourished, deeply involving
LS ® itself in prostitution, drug

Las » trufficking, sexual slavery,
extortion, and palitical corruption

“The bar owners who bought these girls
fike to keep them nice and quiet. So they
buy drugs from some of the UN. medics to
do so. When a girl has finished her shift,
she is taken o her room by a bar man and
given o shot. When she wakes up she is

ready for her next shift.'

Anonymaotis and worker, 20006
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Members of the Yakuzm,
the Japanese mafia,
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consider themselves
modern-day deseendants
el Of S2MYURI

| Yokuza gangsters provide kidnapped
women with short, pleated skirts, and
kpoe socks to cater to the “schoalgind®

sex market

I There are 110,000 active members of
the Yakoza, divided into 2.500 families

i Unwanted Chinese boys fetch $5.000

on the Tokyo black market
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* Entrepreneurs
e Extorters: Mafiosi or Fakers

* Entrepreneurs decide to pay or not depending on experience

* Income, Pizzo, Punishment Cost, Damages (kept constant)

e Extorter Radius
« Neighbourhood Radius
 Number of Entrepreneurs
 Number of Extorters

o Ratio of Mafiosi and Fakers
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Individualist Decision Making  geestomeniesel

(minimal) social influence

punishment-probability * possible-damage < pizzo

.. . refuse payment.

11



o N ~ GLSDERS
Individualist Decision Making geesimemicsel,

(minimal) social influence

punishment-probability * possible-damage < pizzo

.. . refuse payment.

11



. GLSDERS
Analysis et LA

e TWO Scenarios
 Pure Mafia over 1, 10 and 20 Extorters
 Mafia and Fakers over 3:7, 5:5 and 7:3 Ratios
o Extorter and Neighbourhood Radius on
 Punishments
o | evels of Resistance
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Only when fakers get in on the
reputation of the Mafia can they get in
on the action.
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Comparison

* Resistance

- Fakers increase resistance

- neighbourhood radius
decreases resistance and
punishments

- extorter radius increases
resistance

* Punishments

- Fakers increase
punishments

- neighbourhood radius
decreases punishment

- extorter radius increases
punishments
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Extortion Rackets as Iragedies

e Seen a model interaction between extorter and victim (2 person PD)
e Also an interaction between the victims:

For each individual victim it is better to pay and not be punished

For all it would be better if nobody paid and everyone would denounce
» Classic n-person Prisoner’s Dilemma
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ITAL'E (V.lmo Svizzera) ’ 3 [
SACRA CORONA g >
. : UNlTA ) '_cv«vna.;:_;:
Sy Bari 8 u“_. ﬁ*'-‘ .
CAMORRA o O, Vimercass
NapRsT 2 Uy B ‘ - :
g s . oy 9,¢'*>'°'-3“ S
Q % /:/,' ‘ ‘mu -
7 u ARy B
7 W T e
Mer Tyrrhénienne {g;l* 4 f"’ o = : :
\\: .
L% NDRANGHETA - s
h/ g PO
A e io de Calabre s
Palerme 99 = i
+ $acra corona unita
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Traditional Solutions to N-PD

e Altruism
e Norms
* Regulation

e [nstitutions

Novel Solution

artiticially
constraining
choice

e Changing the Game

* Jeam Reasoning
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e Altruism
e Norms
* Regulation

e [nstitutions

Novel Solution

artiticially
constraining
choice

e Changing the Game

* Jeam Reasoning
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How can looking at a situation differently
change the world?
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Extorters ext,

Entrepreneurs
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Extorters xro,
t’puﬂfsb
pCIy
.Entrepreneurs
conceptual’
change
.

GLSDERS

37 Global Dynamics of
Extortion Racket Systems



| GLSDERS
Extending the Moael St

Extorters exs
pll]) ;
pCIy IS]I

.Entrepreneurs

conceptual’

understand
oneself as
a member

change

., v
.0
A

Collective
(e.g. Addio Pizzo)
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Extending the Moael St

stop paying

S
Extorters exs

@)
r@punjsb
pCIy
.Entrepreneurs
. O o, M
: 28 5
conceptual’ £ 2
'- 32
change 28 5

., v
.0
A

Collective
(e.g. Addio Pizzo)
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Mafiosi and Fakers S b

Entrepreneurs: Collectivists or Individualists
Extorters: Mafiosi or Fakers

Entrepreneurs decide to pay or not depending on experience

Income, Pizzo, Punishment Cost, Damages (kept constant)
Extorter Radius
Neighbourhood Radius
Group Radius
Number of Entrepreneurs

« Ratio of Collectivists and Individualists
Number of Extorters

» Ratio of Mafiosi and Fakers

-~
I'.“'

A
// ( I‘?’I{‘ ™
]

‘%\
[T 2
e
—
i

)

Wity

SO

-

T
[~ £
555
i

- "” .'

\1'1')] [}'

1\ | My J'if”
'% ! ’

38 _ =N



| o ~ GLSDERS
Collective Decision Making g memesden

(minimal) social influence

If = . /V group payment

punishment-probability * possible-damage < group-wealth + group-pizzo

solidarity component

.. . refuse payment.
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Collective Decision Making gesemamesen

(minimal) social influence

If S /W group payment

punishment-probability * possible-damage < group-wealth + group-pizzo

——

solidarity component

@ .. . refuse payment.
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Analysis et LA

e WO Scenarios
 Pure Mafia over 1, 10 and 20 Extorters
 Mafia and Fakers over 3:7, 5:5 and 7:3 Ratios
 Number of Collectivists over 0, 50 and 100%
* Punishments
* |evels of Resistance
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- collectivists have little
impact on Mafia
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Extorter Radius, Resistance g‘-&??EBS
and Levels of Collectivism

Extortion Racket Systems
C¥ect of extorier and ertroprencar rads on resstonce C¥ect of extorier and ertroprencr rads o resstance C¥ect of evtorier and ertroprencr rade o resstance

C .
K¢ & pOgrdation win O collectiviats f0r & pOgutabion with S0% coboctvits 10¢ & POPUBON Wi 1007 cobadtvists

* Pure Mafia

- Resistance is high for
single Mafioso

- It even increases for
increasing collectivity

- More Mafioso reduce
the level of resistance
dramatically

- Collectivism makes little
change

Yowng benrtvest Haten Ve bonstvest Haten Vwwg Pon rteerst Hatern

- Mixed Scenario

{Sect of extorier and ertreprencur rads on resstonce {¥ect of oxtorier and ertroprencur rads o0 resstonce {¥ect of extorier and ertroprencur rads o0 resstonce
4 & POGrialion win O collectiviats for & pOPuabOs Wil SO% cOBOCvEN 1OF & SODMBON Wil 1007 cobadvians

- fakers increase the
levels of resistance

* For this scenario
increasing collectivism
has a detrimental
effect for extorters
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Group Radius, Resistance and GLSDERS

Global Dynamics of

S Extortion Racket Systems
Levels of Collectivism Comparison

{¥ect of extorier and ertroprencar rads on ressstonce {Sect of extorier and ertroprencur rads o0 resstance {¥ect of extorier and ertroprencur rads 00 resstonce
vt for & pOSiabon with SO% coboctviats 1OF & SODMBON Wil 1007 Cobadviats

K4 & pOgrdabion win O Collectiviats

* Pure Mafia

- Collectivism decreases
the strong influence of
the neighbourhood
radius

 Mixed Scenario

- fakers increase the
number of
punishments

* Overall levels of

L¥ect of extorier and ertroprencar rads on resstonce [%ect of extorier and ertroprencar rade o0 resstance E¥ect of evtorier and ertreprencar rade 07 resstance . .

0 & POrAILEn W) O CONCIVELS for & pOgRiabon wih 0% (O8CIVEL 10 & EOpaidBon aeh 1007% (ORI punIShmeﬂt Stl” Very




Extorter Radius, Punishments ?J-&??EBS
and Levels of Collectivism

Extortion Racket Systems

Comparison

Lhect of exiorier and entrepronour rads on punshmenis Lhect of exiorier and enlrepronout rads on punshmenis Efect of extoriee and enfreprenewr rads on rosstance
1o & POSUBAln Wilh 1O COlCtvls 0 & POCUAREION wilth S0%, Coleciisis 10F & POSuAMCH with 100% codRCivists

* Pure Mafia

* punishments are high
for single extorter who
cannot rely on other
agents.

- punishments decrease
for more Mafiosi
(reputation sharing)

- punishment also
reduces for higher
levels of collectivists

Lhect of exiorier and enlreprenout rads on punshments £fect of exdoriee and enfreprenewr rads oo rosstance M H d S H
N Lheciofe 0 eciofe 0 pre s < °
Lhect of exiorier and enlrepreneur rads on C\:""""“-'”!'« 80 & POCUARLION with S0% Codeciasls 10f & POSUAMCH with 100% COMClvists Ixe ce n arlo

106 & pOpuUiation win D colectiviis

- fakers increase the
number of
punishments

* Qverall levels of
punishment still very
low

N

Lup p—h

Mg tunaton! Hatie Negtenstvns! Hatia

Negtenatves! Hatia



. | | GLSDERS
Simulation Narratives Giobal Dynarmics of

Police

We wanted to see the influence of
punishment on acquiescence.
Interpret a decreasing extorter
radius as the police effectively
moving in and fakers as Mafiosi
under close surveillance.
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Groups Radius, Punishments GLSDERS
and Leve\s of Col\ectmsm

Lheciof e ﬁrno W!‘"\r"’ﬂ:\l hmen Lheciof e ﬂcfnd vtcrw'ta'ﬂw hmen Cfect of exdoriec o r'c"oer\"v"vs(a'r:c
1or & POSUNON Wilh N0 COMCvERES A & POOUARDOS ) 500 Ju o . v COMCUASIS

Global Dynamics of
Extortion Racket Systems

Comparison

* Pure Mafia

- very little change to the
levels of punishment

- punishments very very
low in all cases

* Mixed Scenario

- fakers increase the
number of
punishments




. GLSDERS
Conclusions Global Dynomiesof

 Simple models investigating some fundamental dynamics
(deterrence/resistance)

* |Individualist and collective model

* Pure Mafia and Mafia Faker Scenario

» Collectivists lead to higher resistance in the mixed scenarios

* |n pure Mafia scenario it does not really help, however
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GLSDERS

Future Work Global Dynarmics of

Social Structures
e Current networks versus transitive groups

Dynamic Collectives

* people changing their disposition depending on
circumstances

Other implementations of collective decision making
e Currently very simple implementation - many others possible

Generalise the model of “Collective Decision Making”
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GLSDERS

Global Dynamics of
Extortion Racket Systems
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